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Question 2 (CLE 15 (5 Marks)

A binary classification model was tested on 10 samples to predict whether an email is Spam (1) or

Nt Spam (1)
The follawing tble shows the sctual and predicted labels:
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a) Construct the Confusion Matrix

k) Compute the following metrics (show your working):

1. Accuracy
ii.  Precision
jii. Recall

iv. Fl-score




i vl T
wany is developing  machine lcarning model 10 predict house
s size of the house, age of the house and 50 on. After collecting
polynomial regression model on it the team observed the
ou say about the performance of the model? Furthermore, how and what
:ﬁ'-imwvemepufomnnm?

‘ Dataset | RMSE (Error
Training Set | 0.02

| Test Set 0.85

 Question 3 (CLO 2) (5 Marks)
v uses ihe K-Nearest Neighbors (KNN) algorithm 10 classily

A fitness analytics compan)
_users’ workout sessions into: Class A = Cardio Training and Class B — Strength Training

Each session is characterized by two features collected from a smarnwaich:
«  xi; Average heort rate (beats per minute) y gy &3 ge dh ity
« x:: Average motion intensity (arbitrary scale) 61 &
' Historical data for previously labeled sessions is shown below: gy —= '5,'_‘ .h? Tt \ e
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. two new workout sessions are recorded:
Session Sis (i =5, x=3)—= P
Session Si: (X =3, %:=3) _~h

er the following questions:

1. Apply KNN with K =23 and Euclidean distance to clussify both new sessions,

- 2. Discuss how the classification might change i K = 5.

3, Explain how normalizing features or feature scaling could affect the classification

decision,
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